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Highway Passenger Traffic Forecast Based on Double Implicit Layer BP
Neural Network Based on Softplus Function

XU Sen, CUI Shuwei
(School of Mathematics and Physics, Lanzhou Jiaotong University , Lanzhou , Gansu 730070, China)

Abstract;In order to improve the accuracy of the prediction model, a prediction method
based on Softplus activation function for double hidden layer BP neural network is pro-
posed , which improves the nonlinear learning and generalization ability and prediction ac-
curacy of the model ,and improves the network performance. The method is applied to the
actual prediction of highway passenger traffic volume. The results show that the proposed
method has better nonlinear fitting ability and prediction accuracy for highway passenger
traffic.
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