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Research on Chinese Film and Television Knowledege
Graph Construction
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Abstract; A Chinese film and television knowledge map was constructed using a semi—au-
tomated method. Taking domestic film and television data as the research object, the ontolo-
gy alignment of Douban,Baidu Encyclopedia and Time Network data is carried out to make
the semantic description of heterogeneous data sources consistent. In terms of knowledge
fusion , the core idea of Similarity Flooding algorithm is used for reference and optimized.
The experimental results show that the accuracy of entity matching is basically above
85% . A Chinese film and television knowledge map visualization platform was established
to provide an open data access and query interface.
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