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Visually Salient Target Detection Based on Diffusion

XUAN Dong-dong, WANG Jun "
(School of Computer and Information Science , Anhui Polytechnic University , Wuhu , Anhui 241000, China)

Abstract: When the image background and visual saliency detection’ s target information
are similar in color,the accuracy and efficiency of the saliency detection’ s result are not
high. Aiming at this problem,a diffusion-based visual saliency target detection model is pro-
posed.Firstly, it recombined the diffusion matrix by constructing the symmetric matrix and
discarding the constant eigenvector and discriminating force and the constructed symmeltric
matrix.Secondly, it reconstructs the seed vectors in the diffusion matrix.Finally,a diffusion-
based visual saliency target detection algorithm is obtained by diffusing the recombined dif-
fusion matrix and the reconstructed seed vector.The experimental results show that the pro-
posed algorithm has some improvements over the previous one.ln the case that background

color is similar with the visual target information color,the proposed algorithm can signifi-
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cantly improve the detection effect.

key words ; diffusion matrix ;seed vector;laplace matrix ;visually salient target detection
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