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The Research on Parallel Algorithm of Hidden Markov
Model Based on Multi-core System

GONG Xiang-jian,ZOU La-mei
(School of Computer, University of South China, Hengyang, Hunan 421001, China)

Abstract; This paper introduces a multi-core parallel programs design method based on
OpenMP ,and used this method to implement the parallel reconstruction program of Web
text mining based on Hidden Markov Model.The experiments show that the redesign of the
multi-core parallel program compared to the original serial program greatly reduce the run-
ning time of the program,the overall program performance has been significantly improved.
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Fig.1 The flow chart of genetic algorithm
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Table 1 Genetic algorithm optimization of HMM parameters

. LI AR 5 i Eaas e v A 22 FlEEF- 45
FhER/N(M) (P.) (P,) P(OIX) P(OIX) P(OIX)
50 0.1 0.01 7.659 864 4.656 923 6.873 869

200 0.1 0.01 8.198 756 4.639 187 7.589 934

500 0.1 0.01 8.586 219 4.718 519 7.926 418

1 000 0.1 0.01 9.570 936 4.839 589 8.634 247
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Table 2 Running time and acceleration ratio

i H 1 FhRERLEL BATRREI TRl s  JFTRIRIZ AT ) /s INEE L
HMMTest01 50 11.43 6.74 1.70
HMMTest02 200 31.22 15.07 2.07
HMMTest03 500 52.60 21.80 2.41
HMMTest04 1 000 95.31 32.12 2.97
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