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A Comprehensive Review on Relation Extraction
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Abstract ; Entity Relation Extraction is an important part of Information Extraction,and it is
paid more and more attention in the chaotic network data.On the basis of reviewing the de-
velopment history of relation extraction,the main methods and ideas of the technical litera-
ture in relation extraction research are analyzed and expounded in recent five years. Ac-
cording to the different technology adopted by relation extraction task, this paper discusses
the model and implementation method of relation extraction, and compares the strengths
and weaknesses of each method.Then it points out the problem of mainstream methods and
analysis of possible solutions of future,in order to provide an effective illustration and refer-
ence for the further development and application of relational extraction.
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