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The Tasks Scheduling Model Based on Support Vector Machine
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Abstract : The cloud framework reduced the difficulty to realize parallel algorithm.But most
of the algorithms have the defects.The fundamental and scheduling model of MapReduce
are introduced.The evolving algorithm is proposed based on Support Vector Machine. The
basis model and realization are built.By simulation realization on Hadoop cloud computing
platform , compared with the traditional scheduling algorithm , experimental results show the
new theory based on the SVM improve the accuracy of cloud candidate point scheduling
and improve the speed of data iteration.
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