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Abstract ; Studying micro-blog user forwarding behavior, micro-blog forward probability,
and determining the factors that affect the forwarding probability of micro-blog have impor-
tant practical significance in the aspects of hot spot mining, product marketing, public opin-
ion monitoring, rumor control and so on.This paper describes the user characteristics affect-
ing micro-blog forward , among which the user influence, the number of fans,the average
number of tags,fans active degree and so on are more typical.The micro-blog’s relationship
with the number of fans,the number of users,the number of tags and the active degree of
the fans are analyzed , mico-blog’s and the threshold value of each attribute is determined.
These thresholds play a crucial role in the forward prediction of micro-blog.
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Fig.1 Micro-blog user network structure
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Table 1 Sort results by user influence
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Fig.3 Relationship curve of the number of fans and

the number of users micro-blog forward rate
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Fig.4 User tag number algorithm

2.3 KIS

R T o P AR S P i AT o Z IR 56
BB TV SR RS BT e e iR it
005 BT A A I SRR LR An SR P A R



104 IR AR (L RBRERD

2016 4E 12 H

FUB BIARAERCE 2, H A R R RAIE B #Y
i, WAL AWTRE P B A8 X TP B K i i 47
JEATIE RS Y [R5 000 A~ HI ™ i %
R HEAT SR XIX 5 000 A4S A A REAEZEA T HE
P, — R P AR P RS, S — R
PRI R AR HE P S A R i WA 2.

®2 BRAPHREHFER
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Fig.5 The relationship curve between the average
number of fans and the number of the users

micro-blog forward rate
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Fig.6 The relationship curve of fan’s activity and the
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