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SVM Based Missing Data Imputation Algorithm in Nuclear Power
Plant’s Environmental Radiation Monitor Sensor Network

WANG Long-hui',GAO Song’,QU Xing’
(1. School of Economics and Management, University of South China, Hengyang, Hunan 421001 , China;
2. School of Electric Engineering, University of South China, Hengyang, Hunan 421001 , China)

Abstract ; Monitor data mission in sensor node will influence the validity of environmental ra-
diation monitoring around a nuclear power plant. To solve the problem,a missing data imputa-
tion algorithm based on support vector machine(SVM) is proposed to impute the missing data.
This Algorithm is validated with real radiation monitoring data, evaluated by using MSE and
correlation coefficient and compared with ANN based imputation algorithm. The experimental
results demonstrate that the proposed algorithm can achieve higher imputation accuracy.
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Fig.1 Imputation results with SVM imputation algorithm
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Fig.2 Imputation results with SVM imputation algorithm
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