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A Gauss Mixture Model with Difference of Mutual
Information for Image Segmentation
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Abstract: According to the internal relations between original image and segmented im-

age ,the gauss miture model is combined with the difference of mutual information ( DMI).

The parameters of GMM can be obtained by using Expectation Maximization method, and

in iteration process,an optimal component number will be determined by minimizing the

DMI between the previous and current segmented images. The experimental results indicate

that the proposed method has not only visually better segmentation effect but also better lo-

calization property.
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Fig.1 A brain image segmented results
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