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Application of auditing Informationization with the Outlier Data Mining Technology

ZHOU Xi,ZENG Li
( Hunan Business College, Changsha 410205, China)

Abstract:

Outlier analysis technology is an important problem in data mining, which can be widely applied to telecommunica—

tions, credit card fraud detection, loan approval, customer classification, weather forecast and network intrusion detection and other

fields. In the audit work, outlier detection algorithm can also be wed for audit data judgment and detecting the abnormal presence,

helping auditors find hidden audit trail and improve audit efficiency. Outlier data mining technology has better practical value than dis—

covering regularities in the other mining technology.
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